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The technology of Big Data got the capability to process large amounts of data, manage
them effectively and make retrieval whenever it is required. Decision making in any
organisation is a challenging task since decisions need to be made based on the
accessibility of data and its status, this becomes more challenging especially in large
organisations that generate massive amount of information and data every single day.
Implementation of latest advanced technologies like Big Data is imperative for any
organization to make decisions which reduces time and pave the fourth industrial
revolution. Even though this is vital in today’s business world, there are still few
organizations that are hesitant to adopt it.

This paper illustrates the relation between Big Data and effective decision making by
implementing a quantitative analysis through questionnaire. The conducted analysis is
implemented using SPSS through correlational perspective, where percentage analysis,
Chi-Square, correlation, and regression analyses are performed to obtain results.

It is clearly depicted that large organizations transition to adopt Big Data to aid their
decision making, where medium and smaller organizations were slowly transitioning the
adoption. In spite of this, most of employees, irrespective of the type of organization agree
that Big Data is indeed a powerful advanced technology as they were satisfied by the

organizational direction they have taken.

1. Introduction
1.1. Background

Digital technologies are transforming the way organizations
function sparking the necessity for creative approaches and a wide
range of highly functional presentations [1]. Facilities of storing
have grown drastically in the past years along with data collection
approaches where large amounts of data are also becoming readily
accessible. In every moment, new set of data are being generated
by various sources, these data need to be processed and evaluated
in new forms to derive value. In addition, organizations should get
as much value as possible from enormous sources & amounts of
data stored [2]. Further technologies and devices are available now
to corporations and people to generate and collect more data from
various groups. These days, an individual entity can own multiple
devices, where each device carries extremely large amount of vital
information. These types of information are described as Big Data,
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or data with a volume, velocity, variety and depth that standard
techniques make it difficult to handle [3].

Big Data can contain various combinations of data including
texts with social emotions, news feeds, site logfiles for audio /
video, as well as geographical and location data, Multimedia, xml
data, etc [4]. Due to the size, wide range, dramatic changes,
different types of storage and analytical techniques, such these
information needs fresh type of Big Data analytics. The rising of
these kinds of information need to utilize a Big Data and take
advantage of its capability in the organizations who have already a
clear, simple roadmap and guidelines for managing Big Data in
their departments.

Organizations today are enabled to achieve their target and
exceed it if they were able to adopt new technologies which
consequently leads to generating profit from Big Data analysis. In
other sectors, the capability to create transition would distinguish
those who are going to lead and those who are going to left behind.
Nevertheless, conducting data analysis only is not enough, it must
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be circulated effectively to the employees within the organization
in attempt to influence decisions and therefore obtain specific role
at the heart of decision-making processes instead of intuition [5].
In order to make smart choices, organizations should be sharing
right information to the right individuals at the right time [6]. As
such, Big Data attains great expectations, and the effect on
enhancing the decision has been explored by various researchers,
with McAfee & Brynjolfsson as the strategic front-runners.
However, since it is a relatively new area of concept and research,
it is essential to have more empirical studies in specific sectors to
the research of what impacts Big Data analytics will have on
decision-making.

Organizations need contract terms and interpersonal
governance, Big Data analytics competences, information sharing,
coordination, process integration, flexible infrastructure, quality
data sources and decision making qualities to effectively manage
a large data chain and make quality decisions [7,8]. Contract
compliance relates to the formalization of arrangements with Big
Data vendors to increase the consistency of the results. Relational
governance that involves collaboration and information sharing for
data interpretation and processing maintains trust between
organizational entities. To design a Big Data network and
overcome the smaller data groups, various participants of the
organisation who are part of the Big Data based decision-making
environment require collaboration. It is also necessary to connect
operations and procedures to cut the price of Big Data and its
related analytics. Big Data networks and its operations must be part
of the organizational routine, since this will enhance information
speed. The flexibility of the network often allows data collection
and retrieval. Information accuracy, with respect to the data
provider's interest, is also necessary to avoid making mistake
decisions that may prove to be quite expensive. In fact, decision-
makers will have the capacity to analyse the findings of Big Data
analyses and consider their consequences in order to strengthen
evidence-driven decision-making capabilities and increase
consistency [7].

1.2. Problem Statement

Existing literature on the use of Big Data for decision making
system focuses primarily on the issues and advantages of business
intelligence and Big Data[8], whereas the practical effects of Big
Data analysis to improve business intelligence are still relatively
under-researched[9][10][11]. Some research is usually focused on
methods, technical issues and their possible solutions in using Big
Data analytics for business intelligence, but there is a shortage of
literature on the practical implications of using Big Data analytics
in general for decision making.

1.3. Research Questions

This research aims to understand employee’s perception of Big
Data among in enhancing decision making systems. Therefore, the
research questions are:

e How relevant is Big Data for decision making in an

organization?

e  What percentage of the organizations are currently using Big
Data?

e Do the employees feel that Big Data is relevant in the current
scenarios?
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1.4. Literature Review

Big Data is increasingly transforming the way businesses make
choices, because new decision-making skills are required in the
Big Data era in order to make better judgments [7]. In the available
research the dynamic capabilities are often used to address the
strengths of Big Data analytics [12].

This research explores the antecedents of large data decision
taking capability. Even though its potential effect has been
described with respect to the dynamic capabilities [13,14], many
elements of the organizations that affect the Big Data sustaining
value of a firm remain unexplored.

The capacity of Big Data has defined by [7] as the capacity of
a business to start making high-quality Big Data based decisions
by handling a Big Data network effectively. [15] have also
presented crucial and in-depth insights into diverse Big Data
functionalities; however, the study is much more applicable to Big
Data value creation. Conversely, the factors that affect the quality
of Big Data decision making has discussed by [7]. Effective
management of a Big Data networks requires organizations to
build up their capacity and capabilities for Big Data management
and analytics. The related literature also demonstrates the ability
of a organization to interpret data can affect its efficiency and that
the ability of the Big Data processing and analytics organizations
to make strategic decision is likely to impact.

Leadership plays a vital role in the development and
reconfiguration of dynamic capabilities as an effective way of
providing direction to organizational members [6]. The leadership
contingency principle often implies members will produce the
required results by choosing their leadership style appropriately
[16]. The existing literature also recognizes the effect of leadership
style on various organizational and the behavioural outcomes for
example, a leadership focus on knowledge management influences
it positively within an organization [17], [18]. Leaders can also
influence the information analysis trend by adopting appropriate
leadership behaviours [19].

Leadership is an essential impactor of Big Data development,
which is generally done through procedure, social and systemic
interactions and complementarities [20]. It is further agreed by
[21] that leadership is essential to a firm's development of using
technology. Specifically, it is correlated with leadership propensity
to adapt, understanding of incentives to improve current practices
and services in a constructive way, and desire and capacity to
incorporate these improvements. Managerial leadership cognition
is critical to the improvement of Diagnostic Control Systems
(DCS) that are used to manage the environment change [22].

In a wide spectrum of firms, talent management, which is
emerging as a key organizational challenge, is considered very
important [23]. Researchers have concluded that, despite the
limited consequences of current talent management for
implementing Big Data, its role in various situations and
environments needs to be analysed [24]. Considering the essential
function of the talent harnessing, indicated that the application of
Big Data may be improved by effective talent management. As
information is now more cost effective for organizations, the data
analysis components have become more valuable, which means it
is easier to hire data scientists.
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The growing worth of Big Data specialists makes retaining
them valuable to the organizations. While the expertise of statistics
is essential, the use of Big Data demands more than conventional
statistical abilities. Big Data management requires specific
techniques and abilities that might not be easily available at certain
locations [25], but are commonly held by the current generation of
informatics scientists. Big Data use also requires skills involved in
data cleaning and visualization, which suggests that organizations
need to nurture key talents The acknowledgment by [26] that HR
experts and expertise play in a Big Data setting, who are able to
speak the market language and therefore make it easy for leaders
to devise strategies to tackle Big Data.

According to the existing literature, efficient talent
management practices improve organizational decision-making
capabilities [27]. The resource-based perspective suggests
organizations should use their strategic resources to achieve
sustained competitive advantages [28]. The knowledge-based
view argues that knowledge which is connected to its staff is the
most essential strategic asset of a firm [18]. Using employee
knowledge and skills to reap the maximum benefit., for instance,
as long as success is concerned, organizations will incorporate
acceptable talent acquisition practices, as indicated in the literature
on the usage of Big Data [15].

The decision-making on data analytics requires quality
decision-makers and Big Data analysts experts, asserted done by
[7] . In addition to performing data analysis, the latter will also deal
with contract terms and interpersonal leadership to improve
information cooperation and information sharing across
organization boundaries, which can affect the quality of Big Data
decision. A lack of dedicated talent has been perceived as the major
barrier to capturing value from Big Data [25]. Even though there
are currently lots of professionals working with Big Data, there is
a great amount of talent shortage for the next three to five years
[28].

Many developing countries are in the race to utilize Al
capabilities linked to Big Data; therefore, effective talent
management is essential for businesses to reap the benefits of Big
Data and digital technology[29]. As data gets cheaper, the
domain's scientists become much more valuable, that further rises
the need for integrated talent management procedures to hire,
retain and recruit employees required at all levels to fulfil the
standards of data analytics aimed at quality decision making. As
such, effective talent management plays a significant role in
building capacity for organizations [30]-[31].

2. Methodology
2.1. Research Design

Quantitative methodology is used in this work to gather data
and conduct the necessary analysis. It is a type of research method
that performs mathematical, computational, and statistical
approaches using quantifiable data. To carry out the study, the data
must be gathered entirely first. Until obtaining the results, the
appropriate sample population must be defined depending upon
the necessity. Here the target group is the employees of corporate
organizations, about the use of Big Data for decision making. The
research design will be as correlational research, where percentage
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analysis, Chi-Square analysis, correlation analysis and regression
analysis will be applied.

It is necessary to identify the respondent population to compile
the data and to build the questionnaire. Since the work deals with
usage of Big Data in different organisations, employees of these
organisations must be considered as community sample. Other
related technologies like working of Big Data and its advantages
which are related to the principles of Big Data and decision making
have been extensively discussed in the literature review section.

The data are gathered in the form of questionnaires from
specified respondents. The questions are posed to the respondents
in the questionnaire, esponses are compiled. The questionnaire are
posted directly in the form of (google forms) and sent via email.
The answers must be translated into the graphical format for
quantitative methods, so that they are appropriate for study. Any
variables are established during the study for grouping the
questions and answers into categories. There are numerous factors
that rely heavily on this to be considered. In this work, it is
identified whether the organisations are willing to use Big Data for
decision making, and whether they have trust in them. The
employees of certain organisations are taken into account for
collecting the data for this study.

2.2. Scaling

Scaling is done to simplify data analysis and enable the
researchers to better understand the data. Likert scaling is used in
this work. Likert scale suggests that an ability / magnitude of
attitude is linear, i.e. on a scale from strongly agreeing to
disagreeing, and appears to conclude that attitudes will be
calculated. There are various types of Likert scale depending on
the number of opinions that are captured for each question [32]. A
4-point Likert scale is used in this research which contains 4
options, which are: Strongly Agree, Agree, Disagree and Strongly
Disagree.

2.3. Questionnaire Development

The survey questions are deemed more accurate for gathering
answers, they are used to gather answers in this research. The
biggest drawback in utilizing questionnaires is that the queries tend
to be determined at the outset and the subsequent questions cannot
be changed on the basis of the first query. In this work, though,
only a few questions will be asked, questionnaires are enough. A
questionnaire that contains various questions related to the use of
bigdata for decision making, and its effectiveness in enhancing the
decision-making process is used. The questionnaire consists of a
total of ten questions and it is attached in the appendix. Questions
2 and 3 can be considered as independent responses, while the
other questions are dependent on these two questions.

2.4. Sampling Technique

When survey is conducted, there are different ways the
population sample must be identified. This is because, it won’t be
feasible to conduct analysis with the entire population. In this case,
we must conduct the study on the employees working small,
medium and large organizations, where there would be millions of
employees around the world. Hence, certain mixture of small- and
large-scale organizations are identified randomly. The research
paper will adopt Random Sampling technique.
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2.5. Field Work

The respondents are randomly chosen and the questionnaires built
using Google forms. The employees working in the same research
field of different organisations are identified and the form sent to
them by emails. Even though the forms are shared with many
employees, only some of them had responded, out of which we
round the number of respondents to 50 response. The answers are
collected in a single dataset, and then SPSS tools used to perform
different statistical approaches for quantitative research.

3. Data Analysis
3.1. Methodology

The responses are obtained from the respondents and then
analysed through SPSS tool. The methodology used here are the
percentage analysis, Chi-square test, correlation analysis, and
regression analysis. The collected data analysed in form of
statistical analysis as part of quantitative methodology.

Percentage analysis is among the simple mathematical
methods that is commonly utilized in primary data processing and
understanding. This deals with the number of respondents to a
specific query is the proportion arrived from the overall chosen
population for the analysis. A Chi-square test is a mathematical
hypothesis check that is true while the Chi-square function is
applied under the null hypothesis, called the Chi-square test of
Pearson and its variants. Correlation coefficient is a statistical
calculation of any form of correlation which implies a statistical
association between two variables. The variables may be two
columns of a specified series of results, also referred to as a survey,
or major aspects of a random multivariate vector with a defined
distribution. Regression analysis is an effective mathematical tool
that analyses the association between two or more relevant
variables. While there are several forms of regression analysis,
they all analyse at the heart the effect of one or more independent
variables on a dependent variable

4. Result
4.1. Percentage Analysis

Out of the four techniques, percentage analysis first analysed
as given below. Out of the 50 respondents, 25 respondents, which
considered as 50% of the respondents worked in a medium scale
organization that had between 100 and 500 as shown in Table 1.
The rest of the respondents were range between small and large
organizations where 24% employed in small organizations less
than 100 employees, and 26% employed in organizations more
than 500 employees.

Table 1: Employees contribution based on the organization size

Organization Size Frequency | Percent
1-100 employees 12 24.0
100-500 employees 25 50.0
More than 500 employees | 13 26.0
Total 50 100

The number of respondents whose organization work with Big
Data is shown in table 2. Most of the respondents are using Big
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Data in their organisation systems which is around 72% in,
whereas 20% of the respondents’ organizations did not use Big
Data and 8% said that their organization is studying the
implementation of Big Data in near future as shown in Table 2.

Table 2: Organization working with Big Data

Response Frequency Percentage
Yes 36 72.0

No 10 20.0

In future 4 8.0

Total 50 100.0

Out of the smaller organizations below 100 employees,
around 67% of them are using Big Data in decision making, while
25% of them are not using it and 8% will implement it soon.
Among the medium scale organization with employees between
100 and 500, 60% of them are using Big Data in making decision,
while 28% of them are not using it and 12% will implement it soon.
Among the large organizations with more than 500 employees, all
of them use Big Data for decision making systems. The result is
shown in Table 3

Table 3: employees’ implantation and preference in using Big Data

Working
Employee
Si Frequency |Implementation | with Big | Percentage
ize
Data
Implemented 8 66.67 %
Not
implemented 0
- 100 p 3 25.00 %
12
Employees
Soon will be
implemented 1 8.33 %
Implemented 15 60%
Not
100-500 , 7 28%
25 implemented
1
cmproyees Soon will be
0,
implemented 3 12%
Implemented 13 100%
Not
> 500 0 0%
13 implemented
Employees
Soon will be
) 0 0%
implemented

The importance of the Big Data as recorded from the
employee working in different organization size is shown in Table
4. 68% of the respondents said that it is very necessary for making
decisions in the organization, while 24% slightly agreed and
thought it is might be necessary to be implemented in some
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departments and only 8 % of the respondents felt that it is not ; 36
necessary at all. Yes 16 (100.0) 13 (76.5)
(41.2) (72.0)
Table 4: Importance of Big Data in decision making 0 0 10
No 10 (58.8)
Response Frequency Percentage 0.0) (0.0 (20.0)
0.000**
Not Necessary 4 8.0 0 0 4 4
. In future
Slightly necessary 12 24.0 (0.0) (0.0) (23.5) (8.0)
Very necessary 34 68.0 50
Total 16 (100.0) | 17 (100.0) | 17 (100.0)
Total 50 100.0 (100.0)

The availability of some form of strategy for Big Data is
shown in Table 5. While 32% of the respondents confirmed that
there is some form of strategy being used by the company for
decision making analysis, 34% of them said that there is no
strategy for this, while another 34% of them were not sure of this.

Table 1: Availability of Big Data strategies

Response Frequency Percentage
There is a strategy for

) 16 32.0
Big Data
There isn’t a strate

. il 17 34.0

for Big Data
Not sure of the
availability of a 17 34.0
strategy for Big Data
Total 50 100.0

4.2. Chi- Square Test

Chi-square test is used which checks the null hypothesis
between different questions. Since the second question influences
the other questions, its relationship and hypothesis with other
questions are tabulated in tables 6 to 8. The Chi-square value for
having a strategy for Big Data, and those working with Big Data
is shown in table 6. There are 16 respondents that use Big Data in
the organization besides a strategy for usage and implementation,
which accounts to 32% of the overall respondents. 20% of the
respondents neither use Big Data nor have any strategy for Big
Data in the organization. Around 26% of the respondents use Big
Data but are not sure whether the organization have any kind of
strategy adopts the Big Data implementation or not. A Chi-square
of 31.2 is obtained for the relation, and p-value is 0, which shows
that this is significant.

Table 2: Association between organisation work with Big Data and organization
has any strategy for Big Data

Organization have any strategy
Organization for Big Data
work with Big Yes No Not sure Total P-value
Data
n(%)
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Chi-Square: 31.209, **P<0.001

Similar analysis is done for those working with Big Data and
for those organisations that have qualified experts in Big Data.
Most of the experts, 72% agree that they have a qualified expert,
since their organization works with Big Data. 20% of the
respondents do not work with Big Data and claim that they do not
have any qualified Big Data experts. It has a very high Chi-square
value of 50, and p-value of 0, showing that the result is significant
as shown in table 7.

Table 7: Association between organization work with Big Data and organization
with qualified Big Data experts

Importance Organization with qualified Big Data
of using Big experts
P
Data for Strongly | Disagree | Agree | Strongly | Total
value
decision Disagree agree
making n(%) n(%)
4 0 0 0 4
Not Necessary
(100.0) (0.0) (0.0) (0.0) (8.0)
Slightly 0 0 3 12
9(31.0)
necessary (0.0) (0.0) | (20.0) (24.0) | 0.00*
Very 0 2 12 20 34 *
necessary (0.0) | (100.0) | (80.0) (69.0) | (68.0)
4 2 15 29 50
Total
(100.0) | (100.0) | (100.0) | (100.0) | (100.0)

Chi-Square: 50.000, **P<0.001

Similar Chi-square analysis is done for the opinion of
importance of working with Big Data and whether the
organization has qualified experts. 64% of the respondents feel
that using Big Data is necessary and have qualified experts. Out
of this 40% strongly agree, and 24% generally agree. Among
those who feel Big Data is necessary, only 4% think that they do
not have a qualified expert. With correlation too, a high Chi-
square value of 51.48 is obtained along with significant results as
shown in Table 8.

4.3. Correlation Analysis

Correlation analysis is performed to identify the correlation
between two questions. The correlation coefficient implies the
statistical association between two variables. Here, the variables
are the two columns of the results. The correlation between the
questions 2, 6, 7 and 10 are given in table 14. The questions 6,7,
and 10 depend on question 2, they have high amount of correlation
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with one another. All the coefficients have a value about 0.6, with
some even exceeding 0.87 as shown in Table 9.

Table 3: Association between qualified experts and importance of working with

Big Data
Organization with qualified Big Data
Importance of
experts
using Big Data P
Strongly | Disagree | Agree | Strongly | Total
for decision value
Disagree agree
making
n(%) n(%)
4 0 0 0 4
Not Necessary
(100.0) (0.0) (0.0) (0.0) (8.0)
Slightly 0 0 3 9 12
necessary (0.0) (0.0) | (20.0) (31.0) | (24.0)| 0.00
0 2 12 20 34| **
Very necessary
(0.0) | (100.0) | (80.0) (69.0) | (68.0)
4 2 15 29 50
Total
(100.0) | (100.0) | (100.0) | (100.0) | (100.0)
Chi-Square: 51.481, **P<0.001
Table 9: Correlations analysis organization with Big Data
Satisfied Organization
s with the uses other
N Organization oo .
Organization . organization tools in
. . with . . .
Questions wor}ung with qualified Big | . in the. besides Big
Big Data Data experts integration Data for
of Big Data decision
tools in the making.
Organization
work with 1
Big Data
Organization
contains .
qualified Big 874 !
Data experts.
Satisfied
with the
organization
in the 659" 661" 1
integration of
Big Data
tools in the
Organization
uses other
tools in
besides Big 659" 661" .870" 1
Data for
decision
making
**p<0.001

The correlation between the questions 3, 5, 8 and 9 are given
in table 10. The questions 5,8, and 9 depend on question 2, they
have high amount of correlation with one another. While
compared to the previous table, the correlation coefficient is
slightly lesser. All the coefficients have a value about 0.35, with
some even exceeding 0.5 as shown.

4.4. Regression Analysis
Regression analysis analyses the association between two or

more relevant variables. Here, the correlation between the
dependent and the independent variables are assigned. The
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regression between the 3impact of decision making and the
importance of Big Data for decision making is shown in table 11.
The Beta represents the slope of the line which shows that the line
is very much dependent on the former variable. The standard error
is low at 0.185. Hence, the points are not very much spread out
from the main line. From the test value of 3.993, the probability
variable is calculated, which comes at 0, showing that result is
significant.

Table 4: Correlations analysis

Important | Organizations Reduces Improve
of Big impact of the | uncertainty decision
. Data in decision it in making making
Question ‘. . . .
decision makes. decisions | process in an
making organization
Important of 1
Big Data in
decision
making
Organizations 499+ 1
impact of the
decision it
makes.
Reduces 518%* .389%** 1
uncertainty in
making
decisions
Improve 518%* .389%** 560%* 1
decision
making
process in an
organization

#%p<0.001

H11: There is a significant impact of the importance of Big Data
in decision making on the organisations impact for decision
making, which is the dependent variable. Hence, there is no null
hypothesis here, and there is an alternate hypothesis. The
probabilistic values must be less than 0.001, hence ours shows
significant results.

Table 5: Association between important Big Data for decision making and
organizations’ impact for decision making

Unstandardized
Coefficients R-Square | t value | P value

Beta SE
(Constant) 1.116 0.496 2.251 0.029
Importance of

0.249

Big Data for 0.740 0.185 3.993 | 0.000%*
decision making

Dependent Variable: Organizations’ impact for decision making, **p<0.001
SE: Standard Error

The regression for the association between the organisations
working with Big Data and the availability of strategies of Big
Data for decision making is shown in table 12. The Beta
represents the slope of the line at 0.391which shows that the line
is very much dependent on the former variable. The standard error
is low at 0.179. Hence, the points are not very much spread out
from the main line. From the test value of 2.1888, the probability
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variable is calculated, which comes at 0, showing that result is
significant.

H11: There is a significant impact of the organisations working
with bigdata on the strategies used for Big Data in the
organization, which is the dependent variable. Hence, there is no
null hypothesis here, and there is an alternate hypothesis. The
probabilistic values must be less than 0.001, hence ours shows
significant results.

Table 6: Association between Organization work with Big Data and Strategies
for Big Data for analytics

Unstandardized
Coefficients R-Square | t value P value
Beta SE
(Constant) 1.488 0.268 5.556 0.000
Organization work 0.191
0.391 0.179 2.188 0.000**
with Big Data

Dependent Variable: Strategies for Big Data for analytics, **p<0.001
SE: Standard Error

The regression for the association between the organisations
working with Big Data and the satisfaction of using Big Data is
shown in table 13. The Beta represents the slope of the line at
1.193. The standard error is low at 0.179. Hence, the points are
not very much spread out from the main line. From the test value
of 6.071, the probability variable is calculated, which comes at 0,
showing that result is significant.

H11: There is a significant impact of the organisations working
with bigdata on the satisfaction of using Big Data in the
organization, which is the dependent variable. Hence, there is no
null hypothesis here, and there is an alternate hypothesis. The
probabilistic values must be less than 0.001, hence ours shows
significant results.

Table 7: Association between Organization work with Big Data and Satisfaction

Unstandardized
Coefficients R-Square | t value | P value
Beta SE
(Constant) 4.582| 0.294 15.585 0.000
Organization work 0.434
1.193 | 0.196 6.071 0.000**
with Big Data

Dependent Variable: Satisfaction, **p<0.001
SE: Standard Error

5. Conclusions and Recommendations

From the above analysis, it is depicted that most of the large
organizations have already transitioned to using Big Data for
decision making in their companies, where medium scale and
smaller scale organizations are slowly transitioning. In spite of
that, most employees regardless of the type of their organizations
agree that Big Data technology is useful, and they are also satisfied
by the organization on the direction they have taken. This work has
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presented a quantitative methodology for understanding the
perception of Big Data used in their company. Initially, a brief
introduction on decision making and Big Data systems were
studied, followed by relevant literature were illustrated in the
literature review section. A questionnaire was initiated to perform
interview on the public to understand their perception Big Data.
Data is collected in through online forms and then analysed
through SPSS. The results illustrate that Big Data is very much
relevant in the current scenario in corporate organizations. Most of
the organizations seem to have already implemented Big Data for
decision making purposes and others are rapidly following their
footsteps. The same perception was accepted by employees too,
where they showcased that using Big Data is indeed useful and
most of the employees are satisfied with the way their company is
using Big Data.

6. Limitation and Caveats

The Big Data technology can be used to improve effectiveness
of decision-making systems. This work used SPSS as a tool to
perform percentage analysis, Chi-square, correlation analysis, and
regression analysis. The main limitations that hinders the adoption
of Big Data is its awareness and knowledge. Many managers are
still struggling with older technologies and are not ready to adopt
them soon due to fear of change and its related challenges.
Upgrading and seeking expert advice can be a good approach to
convince them to adopt Big Data. In the future, the same analysis
can be performed with more in-depth questions based on different
organizational sectors. This work has only used quantitative
methodology. In the future, both quantitative and qualitative
methodology can be implemented to explore further. There are no
caveats to consider in this work.
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